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Improving the Naturalness of Machine Translation Using
a BART-Based Post-Editor

Yuto Tomida
Abstract
With the advent of neural machine translation, the accuracy of machine transla-
tion quality has significantly improved. As a result, neural machine translation
has greatly contributed to the expansion of multilingual communication among
speakers of different languages.

However, because machine translation is evaluated only on appropriateness
and fluency, linguistic differences between the source and target languages may
result in translation outputs that, although meaningful to native speakers of the
target language, sound unnatural. In the case of Japanese-English translation,
the generated English was strongly influenced by the input Japanese and often
produced non-native English, particularly with excessive adverbial phrases.

Therefore, in this study, we built a post-editor for Japanese-English transla-
tion that converted the results of machine translation into more natural trans-
lations that align with the natural style of the target language. Specifically,
we built a post-editing model by fine-tuning a pre-trained sequence-to-sequence
model using a bilingual corpus of non-native English and native English. There
were two challenges to be addressed in realizing this method:

Building a Parallel Corpus of Non-Native English and Native English
To develop a post-editor that refined non-native English into native-
like English, we needed pairs of non-native English and their corre-
sponding native English versions. In other words, we needed to collect
translations produced by Japanese speakers and revised by native En-
glish speakers. Since translating into English by non-native speakers
and post-editing by native speakers was costly, we created a bilin-
gual corpus of non-native English and native English using a bilingual
corpus of English original texts and Japanese translations created by
native English speakers and machine translation. Here, we used three
types of machine translation: Google Translate, DeepL Translate, and

Mirai Translate, to build a general-purpose post-editing model for a



v

variety of machine translations.
Fine-tuning the post-editing model

A post-editor needed to be built using pairs of non-native and native
English. To train such a conversion model, a pre-trained model needed
to be fine-tuned using corpora of non-native and native English. Ad-
ditionally, a versatile post-editing model should be developed so that
it could generate native English for various machine translations, such
as Google Translate, DeeplL Translate and Mirai Translate.

For the second task, we used a pre-trained English BART model. Using
the bilingual corpus constructed in the first task, we fine-tuned BART and
constructed a post-editing model from non-native English to native English.
We used a native English classifier to evaluate the English sentences before and
after post-editing and verified the effectiveness of the proposed method.
Constructing a Parallel Corpus of Non-Native and Native English

Approximately 110,000 pairs were obtained from the Japanese-English
corpus provided by NICT. These pairs were filtered using a classifier
to find those with a predicted probability of 0.5 or higher in native
English, yielding approximately 62,000 pairs of Japanese and native
English. Furthermore, these pairs were translated into Japanese and
filtered to find those with a predicted probability of 0.5 or lower using a
classifier, resulting in approximately 35,000 pairs of non-native English
and native English.
Developing a Non-Native to Native English Translator

We fine-tuned the BART model using the bilingual corpus we created
and constructed a post-editing model for converting non-native English
to native English. We evaluated the model using a native English

classifier on English before and after post-editing and confirmed a 21
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0.7 - 0.65 2,098 661 890 950
0.65 - 0.6 1,985 682 884 974
0.6 - 0.55 1,896 722 850 968
0.55 - 0.5 1,886 818 929 1,037

aat 38,862 8,095 12,804 13,541




3.2.4 FEENIE

JERFEREE VEE L HEESE TEEO MR — A BER L 720, 2h2hoa—
NRZADHIZIFFERRZFE U XEIFEL TV S, ZHUIHIRT — X034 X% K
ELLTVBDAT, BRICHTLI2ERBXET7 74V Fa—= 7 D7DDI
M =2 LTHWS Z 23, AETH S, BRI T 2 XHHE, il —
&2 LTHhbhwn X S5 ICHIRRS 2 BEUHE 21TV, 38D ORI — 212
BOWTEYREDOE W= R EAERT 5. Google BIER % W TIER X 1720t
R — % DeepL BliRZ W TER E MG 2 — % R A S WEIERZ W T
TER E TR a — 2 2 228 TGoogle BIFRMER 2 — <2 | [DeepL FHER
NERT — 82 | TEAESWEIERNERa— 2] 2353, R2DER»SZFNFHD
TER T — 2B WT, 100 FREEOEH UM TTON: Z e BRIz Z
DI LD, 774 0 Fa—=r BV T I HEOEWNRa— 2%
BF L7,

K 2: EENHFE A DRI — 2

Google BIERNIER 2 — 2 DeepL BIARNER 2 — %2 B S WBIERAER 2 — %2
BEERUCC D BN | AUBHEG (fF)  ALEETR (M) | ALBERT (fF) ALBREL (F) | ALBRAT (BF) ALEETR (BF)
1.0-0.95 1,337 1,324 2,971 2,925 2,936 2,903
0.95- 0.9 1,305 1,294 2,353 2,325 2,364 2,335
0.9-0.85 703 696 1,129 1,121 1,212 1,198
0.85-0.8 648 641 1,013 998 1,121 1,103
0.8-0.75 616 609 919 914 1,026 1,016
0.75-0.7 603 587 866 846 953 933
0.7 - 0.65 661 655 890 880 950 936
0.65 - 0.6 682 672 884 873 974 956
0.6 - 0.55 722 716 850 844 968 959
0.55- 0.5 818 802 929 907 1,037 1,020
&t 8,095 7,996 12,804 12,633 13,541 13,359
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%4% lnnnﬁ%% g*ﬁ%ﬁ

ARETIE, AIETIER L7Z2NRa —AZHWT, BART €710 7 74 ¥
Fa—= Y 72TV, IFREEREE REED O HEEREE RGN\ O EHRIR 2T 5.
AWFZED BN, Z OZEHER % AW CTHRMEIER OBIERG R 2 HRimE L, 2R
WED ZORERMEROIGERGEEE ICE o TOHRIZWEIND ZETH 5.

BARTI[7] (&, KEiER 7 ¥ X + 7 — & CTHATHI# S L7z Transformer 7 —F 7
7 F ¥ 1255 < Sequence-to-Sequence E7 /L TH D, BERT ORIFAIL > I —
X GPTOHCHR T a—ZX 256K EN TS, T a—XIEBERT @ X
SR SRR L, S ER T F 2 MERERREL, 72— XX GPT
DEIICHKHEBEERT B, DANCER SN HEEZEELTF A FD—
B BEMEZMREET 2. ZUC kD, 7F R MER, BRAERK, BRIDE S X
7 I, BEHEHER 2 R 7 72 ¥ 2 K O BAS B Z X 7 1B\ TEN 2 5
3 %. BERT 2 [FIfkIZ, BART dRED XA T I 74 Y Fa—=v
TBZLT, ZOREDRAZICFHL L =TT VDBEREMTZ 5.

4.1 BFEFEBEBRFEFEANOLTHR
AREITIE, HEEFEERENDOEMZITO HIEZHN T 5. ZOEHICIZER
mEFEEZHOLN, BART ZHWAERFEEE T VI KD BRHEEZ HEIRY
AT D REEERGE REE AR R 2. HREEO ot i, FER 3 DD X
Ty THHD, K5DEIITHRENE. AS1S N HARGED & REFEGE S ik
2T H2ERICBWT, FT AN SN HAGE 2 REWEIER 2 AW THEERT 5.
5 2 BEENER X, Google BIER, DeepL BHER, A S WEIEBRD 3 @D THB. X
L.%W@ﬁ®%ﬁﬁ%%%BET%%LK!mﬁﬁﬁ%%ﬁ%%%mf-%@
PO RIERIE GE T H 2 R REEEE TGEAREIC X D HIET 5. U,

W@R®mﬁ#mék%lmﬁﬁ%a%EW?%ZM@%&V%@T@%.%
AR KD HEDHFEEE RETH 255G, ZOREOEHAEZURE T 2 0HE
FRned, RO A — R Z%ﬂéﬁb:%b‘% XML %‘7k°@ﬁ§ﬂﬂ§ﬁ7b%?b
N5, AT, BfEZ 0.5 & L, BRMD 0.5 XA LD REE % REEE 9558, 0.5
K D ik 2 IERIRERA B G L ERT B %@M@ZLT““@%kiD%l
Fhah G an & B SN HEE R B dR e VT, HEERR S NGB ICE T 5.

WM IEZRRETH D, BART ZH W HREE T T M X D BB S 535 %
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AT 5. KEITIE, BFRERG# AR AR A DM R 21BN % .

BEEGAE REE
DHRRR(C LD

4.2 BART ZHAW-BEEE KBTS

RERERG S SR AR T, BEMBIER Y U 7 JEREGEGE & SR8 D O RERERG S
FEEANDZEH, B X UOERFELITS. TOEHEII BART 2 W= HikiHE
ETNALTHY, ANSINFTFEOHRSI RLE L FGEOERL, Hh$5. A
HNENFFEOHARSI ZWET S Z L ICEHRLZBART EF LV EWET 529
W, BRI T — RICED 77 A v F a—=r TRITOIRENRD . BRI
T — & ed, WY IS HGE L BRI GEDR T T —RTH D, Zh
2 & o TRl X N FHRRET T ADER L RGED & D FEERREEEICE -
THRTH 2 Z e 25T 2. ANEITIE, AT — X OBEHEE 7 74 >~
F 2 — =2 7 OFEAMFEMZ A3 5.
4.2.1 FETFT—2TAT—%

R ERIRE T T RS 2 701X, JERRRERR A GE v RRERR S R
DRT7 TR ERIRT —2Z2H8E[ML 7 74 ¥ F 2 —=V 7 2iThRRIFIUIR

12



BV, 2D, BARTETNLVDT7 74 ¥ F 4 ==V 7V T— &% %,
AR TIER L 720G — A 6 G5 5. fER L 7202 — % X1, Google
FHERNER 2 — % 2| DeepL BIARER 2 — %2 & 5 WEIERXER 2 — 2D 338 D
R L TVWE. TS DOIRI — 2%, 22U 7,996 £, 12,633
13,359 TH D, TN SIIHERRT DHIHICBIT 2 X7 v 7 1T LT,
FRZIVHL L TR Ty P2 ThIATE D, F0iRa— s 2i& THE
RSN U T JERERERE & 9558 + TAB + R X OREEFEHRE oFRicBnT
BRI TWE. ZRENRT v 7 2IMHPHL L TITbhTW\Wa 720, HBJH
N DRFEGEH HREEITN LT, BB IERRERE S Gk I L T 0 2355
DD 5. Bz, Google BIFRFER 2 — 2 ¥ DeepL BIERFFR 2 — 21BNV,
ZHZN T(W)+ TAB +(H)1 [(9)+ TAB +(H)) EWIXRRTZHBEEL,
(D) IR DFFEIIHFEFHE RFETDH D, Google BIER % 7213 DeepL #FRIC & %
FHERASSRDY (W0), (9) D & 2128 s b IERGEREE REETH 580D D, FIE
PR R EEOEENHE AN K6lE, TD LS BxERa— RAMicBIY 2 EH
DEARERT. éf@iﬂ‘aﬁ:—zx}f%*ﬁb’cmé*f—& TW3ETANT—RE
LT, ZRIERETHMEIRRS. LT, 7—X 1067 —X6%T
DHAEDLRICE T, 774 /%:L—._/M)f:zsb@aﬂlﬁr—&%Hm%a‘%.
ARIFFLTIE, FWV 2 MEIERICHRTE LRy, AR O S WERRE T 7 LV
RKEHEITD, T—X1I26T—X6FETODT—X7UHNETDONGRa —
Azl 7T—&2 & LTHY, 2hZzMailr —2 R, 22T, 7—%4
1% Google BERXTER 2 — % 2 & DeepL BRI — X DEH T —XTH D, £
N2 T(W)+ TAB +(H)J T(5)+ TAB +(H)) D &S BRERRT7BFEL,
(H) IR L TOMERD (W), (D) D 2B FET S, EHT—XENITL b
T — &2 & LTS BEMIZZR VDT, random £ 2 — L2 AL, (H) OXF
RRTZELT(W)(2) 2T Y RLATEETS. ST —&5, 7—X6I1ZH[A
FRIZITS 2 e TG T — 2 2 BUS U7z £72, FEMEER O RIFE DA I X
% HEZ1T 5 72912, Google BIERFAIIF T — &, DeepL BIRRAIIFR T — &, & 5 W0El
AR T — 2 D 3 0DFIT — 2 HHUF T 5. Google BIERAIF 7 — X137 — &
1, 7—%4, 7—%6 DMES, DeepL BRI T — X137 —% 2, 7—& 4,
T—X5OMES, ALV T — 2137 —-%3, 7—&%5, 7—% 6 D
LHIEOMlchs. Zhuckh, AT — &, Google BIERAI T — £
DeepL BERANE T — &%, A S WEERAIR T — &2 D 458 D DAl T — X ZHUS L
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7o, TS DT — 2%, 27 v 72 B REEEE IGEE A T2V &
LACHUG X, £ 30 HHUS L 22 I 2 e 13,662 18, 3,137 14, 7,774 1F,
8,500+ TH 3.

Google#lliR
FERO—/CR

DeeplL#ER
FERI—/CX

HSU\EHER
XERI—)CX

X 6: 2%tk a2 — R X O EEBE G

3 3: BUS L =3l 7 — & o7

Al 7 — &

PEEFSC D BRME | $iE () Google BHER ()  DeepL BHER () A 5 WEHER ()
1.0 -0.95 3,431 515 2,116 2,094
0.95 - 0.9 2,356 427 1,458 1,468
0.9 - 0.85 1,339 308 733 810
0.85 - 0.8 1,160 271 628 733
0.8-0.75 1,070 270 575 677
0.75 - 0.7 925 242 501 588
0.7 - 0.65 878 255 480 536
0.65 - 0.6 865 264 465 548
0.6 - 0.55 801 274 402 517
0.55 - 0.5 837 311 416 529

ast 13,662 3,137 7,774 8,500
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4.2.2 BARTDI77A>Fa—=>9

HIZINEICUX, AT — &, Google BIERFI 7T — &, DeepL BRI 7 — %,
HHWHIERGIR T — 2 D 438D OFIf T — 2 ZHE L, A/NITIE Zh 6 OFl
W7 —XEHWTBART €T V2 774 Y Fa—=V 7L, FREEET L E
WiERT 2. COETNLDANTH 2729, HAiFEEHFAET /L E LT bart-base
EFAZHV, AKX DB BERRR EFEY Y -2 28R (T 5. Z
NDOKIBLE TV & LT bart-large 233 % 23, bart-base ET /LD 8T X — X H3
139M TH 2 DI L, 35D 406M TH D, X £V FHHE DI LEOFIIER
REE DI KIENCIE NN S 2 D D % 7=, AL TIE Z DETIMIHOWAR WL, Ny
FHA X% 16, TRy 710 L, IR L= 48D il 7T — &2 ZH\WTZh
FUBART 27 74 Y Fa—=r7 L7z ZAUCX DRI N-FRFREET
N ZFNFI all ET L, google ET )L, deepl EF /L, mirai ET L EFEXR. %
7o, RREGEE JGEEAMN 1.0 005 0.95 Y T2l —2DATT7 74 >~
Fa—= VT RITOFEL, BAMER 10525 05 T TOETOIIMT — 2% H
WCT7 74V Fa—oV 7 BTIS5FED 2007 Fu—F2MGET 5. U
0, X BREPENERERIIT -2 DA TIIST 2 2 & HEYITH
D0, mEEMOTRKEDIMT — X TIPS 2 Z e EYITHZ2DHr DL
BMEEEITS. L7edioT, BHAMDN 1.0205 0.95 IS T 2T —X DA
EFHWT 7 74 v Fa—=r 7 LEBEEREET V2 ZHR 21 all(1.0-0.95) €
7V, google(1.0-0.95) E 7L, deepl(1.0-0.95) €7 /b, mirai(1.0-0.95) EF L&
MER. — /AT, HAMDR 1.025 05 FTOLTOIIBHT—X2E2HNT 7 74 >~
Fa—= LB ERREET L2 ZNZ N all(1.0-0.5) ET IV, google(1.0-0.5)
E7V, deepl(1.0-0.5) EF )V, mirai(1.0-0.5) EF /L& ML, HEER U /- iRE T
TIIBENTH 5.
4.2.3 HBFEEERELTIHRBDOEE

RERERRE SRR I AT S 5 HAGE 2 BEMEHER 2 - VT3 U, 2 O#lER
FERTDH 2 KB IEREERE FGETHIUR, MR L EREEET AL EZHVT
XD ABRIZUE L REEZAERT 2. WV 25 EIERIE, Google BIER, DeepL
FIER, A WHERD 3@ D TH 5. F7z, MR L L FRRE T 713 all(1.0-0.95)
E TV, google(1.0-0.95) E 7 )L, deepl(1.0-0.95) &7 /b, mirai(1.0-0.95) €T L,
all(1.0-0.5) SE 7 /L, google(1.0-0.5) €7 /b, deepl(1.0-0.5) & 7 /L, mirai(1.0-0.5)
ETNAD WD TH 3. Lizho T, REEGEH KAEA AR IHIREIER © H RS
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ETNVDMAEGHEICED 2 4@ D ITHERINS. RETIX, ZOMELZZH
ZROEHIZOMRE 2 51 U, SSMBIERICHRTE L WERRET T LR S 5
23 5.
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F£55F EFIJLFHH

COETIE, ML 2 438D ORFEFEE REE AR OMERE 27 3 2. BIK
(L, XN HEED BRMEZMEE L, MR L - KA s 2175 . Z

L, BEREEOEEIC L 2 BRI TH D, B SN FHEHRETIEOEH
WOMAETH 5. RKETIE, HEEFHMEICH WS 7 2 F 7 — & L iHlife &% BN
L, Z DB ED W= 3G R 2 R 5

51 TAMT—%

MR L 7 AR DM S X U HERRE DA FIC X 2 LEBMEEE, §iE CHUS
LT AN TF—XREBEBITHWS Z 2 TITY. ZOTFT A MF—&IZ, Google
FHERNER 2 — % 2| DeepL BIARER 2 — %2 & 5 WEIERXER 2 — 2128\ T
REEEGE REEDEE L TV ST —XOEATH 5. iUk, HAFE L 20Ut
T B REEREE LRI LT, EOEWEIER 2 HWTZ D HAREZ RR L THIE
REFEAGE RGBS NI NG Z e 2 EERT 5. RIIFLICBWT, BRI PHE S
TeREE2 AR L, KD INHEOER WA OMEZ HIZE LTW5. ¥ O
% FHWWTHEER LT IFREERE B 1 S 2 HAGE S, MR L - Z#L
WP 2720DT AN T =R LTRERBRT —XTH5. Lieh->T, &Rk
LTI b N2 IERRERE S BTG 2RI TO HARGEE L 2 T A M T — & &
LTS 2. HOTHEHT 2. 7A M T —=X134861 - THD, BIF LT A
P =REIRTCINHT =X WCEEENTESL TS, TA N T =X FHEE
FMEZHRL TV, £/, 7 A M TF—=XIIMHHEI N2 EOEMEIERICHNTD
IERFEREE HGEE M N T2 HARETH 2720, 2RI L TOMBERL EHIERIC
BOWTHRREZNS.

5.2 FHEIEIE

AW DFHETEREE, FFEDOHARMETH 2. 0% D, ZDIGELDIGERGER
FHICE o TEORERRTDH 2018V THHEZTTS . BERINCIE, HAGEZ B
PEIERIC K DGR L TS b 355E b, REERE & Rab A MdRic K D AR S hi
FEEEITH LT, aﬁﬁ%%M?é ARG BWT, Z O HBRMEISREERSE I8
THITERDED 2 VITHFEOEBEMICI D RO ONS. FRBMELITo TR
m%%t%&ﬁ%%ﬁ5ZZT%%&%%%@E%@%%ﬂﬁéptTi%ﬁ
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L 7-HEMmEE T L OFHEA ThI 5.
5.2.1 BEEREEFEESEROEAEDOR LR

HRREZIT o TOWRWVWIERGE L HEREZITS 2 & TRLONLREED HAME
ZHE T 27012, 5 3 W THE L LR E R HE T AV 5. BIRRNC,
1’!55}21,7’:7‘2 b7 —%&% 38D OHD SR X N BEMEERIC K D EERL, 20

FEH S 8D OHIH HIFIR I NI FREEE T IS K D BERBEEAKGE L
ﬁﬁ?% 2D 2DODHFEE ZNENERREREEE, FRFEEREE L,
AR R W CRIBERE S B A A2 2 h e B LHEGHES 2. 72 7 —
X DB B W T HLHRERNTHRGE K D HEREEREGED BARMED LA U 75
REET L. e, EXOERMEOVEEEE T Xty hRKOERMEE L, B
HARERTHEE » FREERIGEO HRM O LRERFAN L, FRHEETLIC
X5 BRI WEDH G ZFHGiS %

5.2.2 HBFEDEE]

Markus 51, FRERFEREZICE > Tk D BAR IR EELERLH VO
5tﬁ&fm5[yLt#of'%ﬁbk%&ﬁ%%r»#iﬁbt%=@$
EOEEMEMGEL, ZOETMCHRI OWEDBETE 20 %Ml 5.
RIS, BEEOBE I HFE LT 2 BEEDQIENGER B2 D3 ﬂ%ﬁﬁb
AR E L HRER BB W THEDEEHOEE1TS. LA L
BS, TS DEIFXEDR X IMFET 2EAICH 253, BRmEERIER TN
INBZNLPNOXEOESIFFLVRY TIdARWV. 2T, BIcERWEY
R U720 BARMEDE W Bl X i daiz . 7 TR TR TTR(8) Fik
EFROTHEONLEEZHEOEEL L T2, IE~GERE N, BRDFEREV &
T2, TTR OfE t 1 y

=N
YERIN, COMEDEVIZEOHEOBEESE V. I ERITTOHEHL,
ZDF e Z DERRET T NVOROHEOEEEL 5.

5.3 Z#r2RD et

%xb?~&4&ﬂ#%%mf %9 338D OB X D IGR2ITV»,
BIRERTIGEZ IS Lz, 22T, Zh 2R L2 JGED 2K BN D 0
MI7A§ﬁk£iét®{®\ﬁﬁl8hTLt MAT, Zh s 0fEiic &
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2 BB DFIIIE R 4 TREND. £ 4 DFEE X D Google BIFRIZBEARMED
Fg e TTR 2973 #HIME t 23 HEITRKRIETH o 7=, AFEOFHliFERRIC B W T,
338 D OHFTHRFERFEGEE I L o T X b BARBEIERZ AT o 7 HWHEIFRIE Google
FIERTH o720, FRRELZH O TERZ BRI OWEE BIFS. NHITIE,
BAEMBER OB RIS LT 8@ h 0FEFRFET TN EH WML ELTS .

HEWETT VDI H 72D, BERBEARICBOTHRED LA UM
BEB L OCREBUCBIT 2 LR LR OEE, FREEIC K D ERI N 5GE
D EARMEDFIIE » FEFRERRICBIT 2 20 HIHED ERER 2 2h L7
T, EREENS, EaME, BRMEM ER R, 70, HREER RSB S
t D AR HGE FRREIES.

06
1.2
05 .
0.4 08
03 0.6 i
: !
02 0.4 <
0.1 0.2
0 0
B GoogleER M DecpLlEI:R M & 5 LWEIR B Google®F}iR M DeepEIaR W # 5 WEIR
X7 AR MTE X 8: t DIEDF T

R 4: FFEHREHAR o R

Google #FR  DeepL #aR & & WHHER
B 0.26 0.23 0.21
t 0.91 0.90 0.91

5.3.1 Google BIsRDER L 1-RFEEDFERIRE
Google BIFROBHERAG RIS LT, 8D DM L 1o HRIEE T 7V OMGE %
To7z. Z ok, BARMER LZRITFEEED & Google BIRRZ HWTHEON-AR

19



DI 0.26 & FWT, HEE EEERIX t DfED S Google BER & W TE S 172
t DE0.91 ZZHWTHEM LETH 5. BEEREFRIZR 5 TRE A, all(1.0-0.95)
E7 WS FEEN O BAMER EROFR L D, BRI X 2FHEICEWT, B
RUED 79.7% M L L, b BRIMREN RSN, —77, t DEB L CHGELSR
XD, deepl(1.0-0.95) ET/UFBEMIZBWT051%DA EXBIEEIN, Kb
BATnws RENT.

7% 5: Google BIRRIC BT 2 HLMRE T 7L DR

(1.0-0.95) (1.0-0.5)
HEwREET L all  google deepl mirai | all  google deepl mirai
LR () | 3,442 1,647 3,319 3,130 | 3,402 3,108 3,287 3,270
FRAEBEE (%) | 70.8 339 683 644 | 700 639 67.1 684
HARMD- 0.47 030 046 042 | 045 040 044 042
HAMR ER (%) | 79.7 169 752 619 | 71.6 539 682 61.3
t 091 091 0.92 091 | 091 8.4 091 091
HEEERE (%) | 039 035 0.51 023 | 018 0.07 043 0.20
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5.3.2 DeepL BIERDER L - REBOFRIRE

DeepL BHER OBIERFERICH LT, 83 D OMEE L 7= FIRRE T 7L OMGE %
To7z. 2K, BARMER ERIZFIIMED & Google BIRRZ FHWTHE Sz HA
MDD 0.23 ZHWT, HEE EREFRIZt DfED S DeepL BlERZ W TIE SN t
DfE 0.90 Z HWTHEE LETH 5. MEALFERIFEK 6 TREA, all(1.0-0.95) €
TG EEENE N BT EROFER X D, BRI X 2FHEICHE VT, BHA
MDY 04, 4% E L, lebBENLEREI RSN, —77, t OfEB X CHEE EAR
& D, all(1.0-0.95) & F Al TNZ deepl(1.0-0.95) EFILIZEEMHICEBWT 1.31%
D EPBEIN, RDENTVS RSN,

% 6: Deepl BIFUC 51T 5 HILMEEE 7L 0l

(1.0-0.95) (1.0-0.5)
HEmEET L all  google deepl mirai all google deepl mirai
FEABC () | 3,584 1,943 3,438 3,297 | 3,626 3,323 3,527 3,433
FREBEE (%) | 73.7 381 707 678 | T4.6 684 726 70.6
HRMDYY | 045 028 044 041 | 044 038 043 041
HARMER LR (%) | 94.4 213 865 750 | 89.1  61.8 823 755
t 091 091 0.91 090 | 091 090 091 0.90
HZEFE®E (%) | 1.31 098 1.31 0.70 | 129 0.78 130 0.84
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5.3.3 AHVEIERD LR L I-REDOEERRSE

HOWEIEROBFRAE RIS LT, 818D DML L - HERFET T L OMEE%E
1To7z. Tk, BARMER LRIZEEED & A5 WEEZ W TE s vz BN
D 0.21 VT, BFE EFRIE t OfED 5 Google Bl Z W THE SN2 ¢t
DfE0.91 ZHWTHEE LETH 5. MEALFERIFEK 7 TREA, all(1.0-0.95) €
TOWEFIEEN N BAMER ERORR LD, BAMIC X 2FHEICBWT, BR
PE23106.1% M E L, &b B MERED R NIz, —F, t DEEB X O HEE FRE
XD, all(1.0-0.95) EFMIFEEMICBOT 047% DA EBBR N, &b EN
TWa RISk,

7 ASLWEERICE T 2 HEHEE T TILOFHM

(1.0-0.95) (1.0-0.5)
FREETTIL all  google deepl mirai | all google deepl mirai
LR () | 3,559 1,851 3,405 3,278 | 3,548 3,135 3,405 3,419
FEARES (%) | 73.2 381 700 674 | 73.0 645 70.0 70.3
BRI 0.44 027 043 040 | 041 036 040 0.39
HAAMEM E®R (%) | 106.1  25.7  103.2 86.8 | 95.7 67.7 90.6 84.0
t 091 091 091 091 | 091 091 091 091
HEEES%E (%) | 047 036 036 034 | 045 028 060 040
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F6E EE

AETIE, B TE NI RICE S X B L -HREEE T L O
BERT L. BREETTLVOENEZ R LU LT, FHREET T L OHFRESH
EREPRNRZ.

6.1 ZEHIROBMLE

MR U7 RIERE & G AR 2 48 D 2B VT, HERRERHRO BAMS X
O HRAR RN AR S N7 HFE O 2R D RFFEGE 458 B AR O & H RS
BICER SN IGEO IR D BARMED 7, HERBEATRD t DEDOZEIFHICLT
DZEHARTIEDEI G NIz, T, FERREATRICBWTHAMD LA L7
Be T AP TF—x2 LTHWEAFBOEIEE, google(1.0-0.95) ET L EFRW
ETOHEEREE TNV TIEDENE SN

EOEMEFRICHWTHFAEFOMHETH D, WHEOEWERREEET VL
LT, all(1.0-0.95) & 7 /LAl CNZ all(1.0-0.5) BT VEMEL, Zoltige LT
google(1.0-0.95) €7V, google(1.0-0.5) E 7/, deepl(1.0-0.95) €7 /L, deepl(1.0-
0.5) €7V, mirai(1.0-0.95) €7V, mirai(1.0-0.5) 7TV EEL. L LD
5, EOERRETE T LD HOTARMEIERIAKE LR WATRDME 54, deepl(1.0-
0.95) €7 WZ all(1.0-0.5) E7 L OHRER 4 < IE & OMERERHliE 57z, (1.0-
0.95) & (1.0-0.5) 1%, & b BRM I ENERE R T -2 0ATIIMT 2 Z
EDHEYITH B Dh, WMEEEDTRKEOIMT — 2 TS 2 2 e »#Edc
H2DHDLELD 7212, fER L 723l T — & 2> & BEERE & 9558 1.0 22 5 0.95
DF—REWMH LTI 7 A v Fa—=0 FULEETIE, REEREHED 1.0
505 LTER SN LI T — &2 2T 774 v Fa—=V I LET
NEBERST S, 22Dl T — 212 & D all EF L, google E 7 /L, deepl &
7V, mirai €7 VERE L TAHEZIT 57228, EDET LS (1.0-0.5) DET IV
£ D (1.0-0.95) DET LD B ED HASHBIZBVWTENLEREEZET S Z
EBEINT.

FHIZ, all(1.0-0.95) BT, ¥ OFEHEIER ORIERAT RIS LT 70%A LoD
R THRRENRICB T 2 BARMOM BT . £, FREERRICS
I3 EXOBAEOFEEB X CEAMO ERRIX, COBMBIER ORI L
TH 1IN Lom EBR o, FRFEEEZRO HAMIZ 045 AR TH D, HEL
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THBRRETTNVORTROBENEZZOET NI, BRICHAZ OSREICHB
LTW3.

F 72, BB OB BRI RV CETHER I N2 DI LT, ZOMELS
MR L 7- 2 TOBEBRRE T T MIC X D AR X N2 JE5E X LAY W SCE CTHERR
STV LALEDS, t DEHIZERIRERET MK D AR L 7-3FED T
BWMEZRLZ. D% D, X DFROWEDD L D kA REEOBEERZ W T E
ERERLTWS Z e AREN, FERETTAEZH VWS Z 2 T, HiEO BB
M B U7 Thi, SHEEDERREEET VS UL RO Z & 238l
KIxNT.

DEDZ e o, BEER L -HERET T VEIBRO A R4 V2, JiERRERE
W o THARRBREIHET 2 Z 21, BE L TWw5. il 21X, all(1.0-0.95)
ETNEHWT, BARSDPEEZE S NP 2R BITRLE. ZHUT TZ25%-T5
2HETERLZDTT .y tWwi HAEZHW TR ZhEthDIGEe £
DHFED HARNTH 2. FRFERKRTHRMENKEICHEZINTE D, HiElFE
EHRDFFEIER L2 8 2 20U 5 2 HE D5 - 72 & & O KRB (RS HARELS
RFEZINTWS. Lho T, BELALFER X 2B AR OSEE X, B
THbHIehmEIns.

&® 8 HELWER DB

| E AT SR
HILMWER] | That is how it was completed in 52 days.  0.05
HIRAR R It took 52 days to complete. 0.76
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6.2 ZEiRIBDRE

MR LEMREB LCHEBRRERETNVEENTDH 2 2 eI hlzd, Zh
OOME BEADE->TWVD. £7, google ET NEHERT 2 DI T2
T—REWNETERDP->TZTH 5. T — 2 DHEDPEEL - HERHE
ETINVTERSTED, google(1.0-0.95) ET/MICHW NGB T — X DED
DETFTNLDIIMT — KX D& L AT, mlc P RoTLEo k. ¥/, &
TODETNMIBOVWT, 27 X T —XOERMEDOBEEITIIES R o 7. BER
BETNAZHOTS, HRFERIIBRTXEMIBIEEINT ZOE EH IS0
BPBR SN, T, BICHARMEDRBD L7258 FEL TE D, B4z
EARMEICEAM UZAGR, BIRROEYIEIC X 2 5L, FRmERTKRTH > TV
BEBBIRINT.
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BTE &bDIC

AWFZE T, HERFRICB W T, HEEREEHE ORGEZ AR T 5 7= 0 OHHE
ROFRIRMETIELIRRE L. BERE 2, FEMEIERCRIER L 7= %ic 2 oRiER
TR Z REEREEEEIC o THRRBR AR A NVDEGEIBEIET 22 THS. K
W55 T, HARGE % BEF OSBRI E L T8 & N - IEREE RS & 9658 = RIGERS
BIFEICEW T 2 Z e 2 HE 55, BRI, HEDOMER I — 20 5 IER
A E Rah & REERRE B RGO T 2 L, 2D 7 — X % H\WT BART HAI%
BEAETNE T 74V F a—=V 055 T, IERFEERE KGED O RFERE
BHRGENDEMAR Z ML 7.

AHFROEBIILTD 2 HTH S
IERFEREE R C BFEREE EE ORI — /NI DIESE

FIERIEERE S HAE 2 REEEAG GBI AT 2 BRI T 5121,
JERFFEGEE REE L Z IS T B G E KB O R T BN ETH 5.
D% D, HRADBIER L2558 2k JGERGEEE D HRmE L -
FT—RERIG LRI RS w, £z, BlERaX b2 572912
X, TE2MDIFFFEEENFECHEZIND b DR KA TRET
% BN H 5. AT, NICT 235483 % HoextidR o — 2 & v
CIERIREREE 458 & RREEGEHE B DR a — R A ZER L 72. Google
FIER, DeepL BHER, A 5 WEIERD 3 3@ D OFEMENER 2 - WT, Z DXtk
a— 82 % 35,000 HFEUS L 7=.
$&%$%?»@7#4>?:—:/7
TERR U 72 IERIEERG & 58 & REER E HEE DR T 2 VW THRRSER =
iR LU 7=, Google %ﬂﬁﬁf(*’ DeepL #ER72 & D Z R 2 BEENER 120t L TR
AR KRB AR T E 5 X511, NHANRERFERE T LVOMEL H
L, ZOHEERET TV EHOCTHEEREERITS 2 & T, BHEERD
AR R OFGERFESEIC o COHRN 2R LXE 2 Z e AT
HHZehmLi. £, BMELLEDETLHPHNTSD 203, FhiC
all(1.0-0.95) E 7 /UIH IR D ENTMREZ R L, ¥ OEMEIER D
IR L THRI20%D HARM D LR SNz, & 512, BRFERMEZD
FERZHB L2 25, FRRET T I X o TERINZHEEX, &
DEDPREERTENING Z e PR ENT.
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AWFETIE, IR — XIEETIEZ L, IO EMERIIT — 2 Z2HWeET
NMEEBNTHREZ R LI 226, FERINICB S 5 IXZ L OEMERT — &
ZNET 22T, ETVOERHGERNZ BRI LXED I EHARETDH 2
R E NIz KT, EWEIERO B Z A L X B RIS FET 5.
A, BEEER CRIER 5 2 BNC HARE 2, Rafat & et 24 L T W HAFRIZ
ZHy 2 HAMRET RS D 2. FRIEGBEROEIMER B & 612, B 8RN
o EEZBEEL, 2K D ERI N REED KRR EIC L o TAHICH
RIZRBITH 2 OpeHliz 75 .
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ST EE

AT DHD DR ZIEE, ZHEZH D £ LREAEON L 5
F#H IR £ Mondheera Pituxcoosuvarn BJ#, ZHANG Yuxuan o2 IZFRHH L L
FET. F, ZOVEMEED S BMHEEICKR o TORHRFREMAEOH S %
WD EDEHBL BIFET.
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(NES

R L 72 all(1.0-0.95) B T ADER L 72 5% DeepL BIRRDI AL U 72 9555 &
b L cHE#R g %.

Al FEREEONINES
B AR

BIsC 1

HEHANTIE, H5E S BUEERT 2 SR < 72
W,

Please use the designated smoking areas on
the base.

Guests are encouraged to use designated

smoking areas on the base.

0.03

0.84

8 D DEEEITHY 5,000 FF D JEFHM K, H
5ol < NOEUIH 2 T AT RS,

About 5,000 stores line the eight shopping
streets, and the number of people working in
the market is approximately 20,000.

About 5,000 shops are located along eight
shopping streets, employing approximately

20,000 people.

0.16

0.88

> 3

R&UE, QLN TRLVHEI DX X
L7z FBid, 2X—=PMLFEBHEDDZEL
72o FLTEZE ZAITKDEST, FA
A3 - THEINBLVIZEE S BHoTWEL
7z

The weather was severely stormy and bitterly
cold. Snow piled up to two meters high. And
there was ice everywhere, frozen so hard that
cows and people could not break it even if

they rode on it.

0.15



HILMWER | The weather was very stormy and bitterly | 0.90
cold, with snow as high as two meters high,
and ice everywhere, so hard that the cows
and men could not break it.
B4 | AFREORRYHIHLS ZENTEEXT,
HIZMERT | You can walk before work or in the evening. | 0.12
HILWRER | A walk may be taken before work or in the | 0.73
evening.
#sz 5 LM REBE B OEIZ 20,
HILMREERT | There is no other way to restore agriculture. | 0.31
HILMRER | There is no other remedy for restoring agri- | 0.75
cultural productivity.
A2 FRIREEDOKHES
H AN
Bz 1 FXEE 2D otz IME1ADDRD
SLTHIENTEY, L THRPLESLT
LEWEZEIRIKLE o7,
HILMRERT | I had exactly no power to live. I couldn’t | 0.46
even try to grab a single twig; it was as if it
were going to fall off my body.
HILMmWER | T had no power to live; I could not reach a | 0.40
single twig; it was as if I were going to fall
off my frame.
Bisc 2 HEZHEAS>TTERENDH L, Tk
EDE W, A2 ADEE - Tz,
HILMREERT | There is a path that was created by walk- | 0.09

ing around Nakajima. I soon reached it. A

fisherman was sitting over there.




HILWER | A path was created by walking around Naka- | 0.69
jima, and I soon reached it, where a fisher-

man was sitting on a bench.

B> 3 SR, BRTHEIEEZRD S LrHD 58
Ao

HRMRERT | In the future, we have no choice but to ask | 0.25
the Diet to amend the law.
HILMHRER | In the future, the Diet may decide to amend | 0.81
the law.

P> 4 6 H 29 HOF &, £t NDOWADEFD 5
DRE % 5 W2 EIT L7z,

HILMRERT | On the afternoon of June 29, dozens of pris- | 0.36
oners forced their way out of the prison.
HEMWER | On the afternoon of 30 June, hundreds of | 0.95

prisoners broke out of the prison.

s 5 HO7DBWTIEL Rof BT, #rol)
THFOEWIZT 2EN VDS, RBUHIIRE
TLTZESWVSHDK,

H1LMREER] | There are those who blame the other party | 0.07
for being late, even though it was their own
fault. Lazy people are always like that.
Hi%MER | There are those who blame the other party | 0.07

for being late, even though it was their own

fault. Lazy people are always like that.

BIsC 1 BRI U 76
BIsz 2, B 3, HIsz 4. BN ER U7, BIERA Y] 72 4
BISC 5 FHEMRELSTONTH E 76



